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Abstract 
This paper investigates the most practical and effective data administration concepts in order to 

improve data migrations, especially in healthcare systems. Currently healthcare is experiencing an 

increase in heterogeneous environments due to new mergers and acquisitions. One of the main 

concerns is identifying similar data between different systems during migrations. This leads to 

project scopes being exceeded because of a lack of effective data administration practices. The aim of 

this article is to explore best practices for migrating data and to structure this into a basic framework 

so that it can be adapted to almost any IT environment. Best practices identified include data 

modelling, data cleansing and information repository. The framework is further applied to a medical 

aid administrator case to demonstrate its ease of use. The results from the case prove that our 

framework is both simple and effective in its application, optimising on time and effort for current 

and future projects.  
Keywords: Data Administration; Migration; Data Model; Data Cleansing; Repository 

 

1.  Introduction 
 
Healthcare data and systems are rapidly evolving to cater for the ever changing needs of patients. 

Sensitive data such as diagnosis codes (ICD10 codes), specific disease treatments, price codes (tariffs 

and nappies) and new patient data need to be managed more carefully in order to ensure that these 

needs are met (Niland, Rouse and Stahl, 2006). One area of prime concern where the management of 

data plays a pivotal role is when data is migrated from one system to another, which is usually from a 

legacy system to a new IT system. The process of migrating data often fails or exceeds the project 

scope due to an organisation lacking in proper data administration principles. Basic guidelines and 

strategies such as a system architecture is often overlooked and the fact that it could serve as a 

lifelong easy-to-use integration tool for new business processes and decisions, amongst many other 

benefits, is hardly ever realised (Zviran and Glezer, 2000). This article attempts to establish most 

common best practice methods that can be used to improve data management, especially with data 

migration across healthcare systems. Concepts and primary issues within these methods will be 

discussed on higher level and mainly focus on Enterprise Data Modelling (EDM), Data Cleansing and 

Information Repository. A great deal of research has already been carried out in this area of study but 

has failed to be broadly recognised as an essential part to organization policy (Mullins, 2002). The 

aim of this article will therefore be to undertake a slightly different approach where all the above 

 

 

17 



 

concepts will be incorporated and structured into framework under a data administration style in hope 

that it might be acknowledged for what it is worth. 

 

The rest of the paper is organised as follows. In section 2 we consider a methodology using a case 

study environment. In section 3 we look at data administration in general as well as its place in 

Healthcare in order to derive key best practices. This is then further investigated by relating it to data 

migration issues. Section 3 is then concluded with a proposed framework that incorporates the key 

steps identified in a structured manner. The framework is then applied to our case in section 4. In 

section 5 we draw up our conclusions by highlighting our main contributions and what we hope to 

achieve from this study. We finally end off in section 6 where we discuss the limitations of our study 

as well as make recommendations for future research. 

 

2.  Research methodology 
 
Best practice methods for administering data will firstly be identified by means of a literature study 

where pertinent issues will be discussed and incorporated into a framework. In order to identify best 

practice data administration solutions that are realistic and practical we will look at a real-life 

environment of a medical aid administrator IT (assessing) system. Here we will attempt to map 

findings from our research, in the form of a framework, to that of our medical aid environment with 

the intent of improving areas of concern and to better explain our framework. As mentioned these 

methods will be viewed on a higher level where we will attempt to demonstrate the most important 

functions that are required to migrate and manage data efficiently. 

 

3.  Literature Review 
 

3.1 Data Administration 
 
Data administration covers a broad category of strategies and methods that is used to manage and 

maintain data effectively (Tolk, 2003). To name a few is data modelling, data cleansing, data sharing 

and data warehousing. Tolk (2003) defines data administration as the process of managing 

information and data that is exchanged within a group of systems including its documentation, format 

and integrity. Mullins (2002) on the other hand defines data administration as a process of 

understanding a business environment and being able to transform that into a logical model. The 

definition used by both TechEncyclopedia and ZDNet’s Dictionary state that data administration is: 
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“The analysis, classification and maintenance of an organizations data and data relationships. It 

includes the development of data models and data dictionaries, which combine with the transaction 

volume, are the raw materials for database design.” 

 

By viewing the above definitions, especially considering Tolk’s (2003) definition we can see that the 

various methods involved in data administration are more than appropriate for facilitating data 

migration from one system to another. 

 

The job of data administration would typically be allocated to a data administrator (DA). If a DA is 

not appointed then the Database administrator (DBA) would have to assume this role, additional to 

his/her own duties (Tolk, 2003). After defining data administration, Tolk (2003) further went on to 

say that the objectives of a data administrator is to know what type of data is being used, its location, 

meaning, context as well as the required format that it is to be transformed to so that it can be 

successfully integrated with the new systems. Focusing more on an enterprise level, Smith (1997) 

explained a DA’s objectives to include the planning, documenting, managing and controlling of an 

organisations information resources with the main objective being to integrate and manage corporate-

wide information resources. The fact that these processes are used to accommodate new integrated 

environments and ensure that data is successfully integrated and managed at all levels once again 

confirms the importance of data administration in the migration of data. Smith (1997) further explains 

a DA to have the roles and responsibilities of: 
 
- Gathering and analysing business requirements 
 
- Modelling the requirements 
 
- Setting standards to improve data quality and integrity 
 
- Encouraging and managing information repository resources 
 

 

Similar functions that fall part of best practices have also been cited in (Burns, 2006) where to 

mention a few: a projects needs must be established in order to remove any misunderstandings 

between the involved stakeholders; the logical design of these requirements needs to be developed; 

data security and integrity needs to be enforced; continuous communication needs to be established 

through a information repository both during and after implementation. Other views and best practice 

recommendations made by Burns (2006) is to try and automate processes as much as possible in order 

to cut on time constraints and ease future developments. He also strongly suggests that information 
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and experience always be promoted and shared in order to educate people. Other best practices 

recognised by Data Administration Forum (DAF) (2002) are to develop an enterprise framework; 

develop the necessary standards for the enterprise model; establish guidelines and ensure proper 

conceptual data modeling standards are abided by; then finally to promote the framework and its 

components. Mullins (2002) also strongly feels that one of the most significant contributions made by 

DA’s to organisations is the creation of data models. 

 

Based on the similarities of best practices we can therefore derive the most important phases within 

data administration to firstly develop an enterprise model then to effectively maintain and manage 

data quality and finally to introduce and implement a central point for information sharing. We can 

also see that both Burns (2006) and DAF (2002) touched on the importance of simplifying processes 

by means of automation and developing frameworks. 

 

The list of best practices mentioned thus far is only that which is most commonly used by data 

administrators. Best practices which are still lacking however are in the area of data cleansing (Wall 

Street & Technology, 2005). A study carried out by Tabb Group (ibid) showed that only 33 percent of 

companies are making use of best practices to cleanse and enrich data. This is unfortunately the 

situation even though Atre (2007) has strongly pointed out that: 
 
“One of goals stated most frequently for business intelligence (BI) applications is to deliver clean, 

integrated and reconciled data to the business community” 

 

Data cleansing as a best practice therefore also need to be recognised as one of the main phases to 

effective data administration. A DA would find this most relevant for data migration projects as it 

ensures the integrity and improves the overall quality of data. 

 

3.2 Data Administration and Healthcare 
 
Over the past few years there has been an increasing demand for improving information quality in the 

Healthcare industry (Niland et al., 2006). Even though data management is maturing, data 

administration is still relatively young (McQuade, 2005). One of the reasons why companies tend to 

disregard data administration techniques is because they are not made aware of the competitive 

advantage and significant business opportunities it has to offer (Burns, 2006). While developers are 

more focused on applications and managers more on the business it becomes difficult to gather the 
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necessary time and effort to establish these techniques. Companies therefore fail to reap the benefits 

of an increased market share, increased customer satisfaction, improved efficiency and lowered costs 

(ibid). 

 

In 2002 Bob better known as Robert S. Seiner, who is the publisher of the award winning “The Data 

Administration Newsletter” (TDAN), said in a special feature interview (2002) that data 

administration is becoming more important to all industries because of top management being forced 

to pay closer attention to the value of data. We see this happening today where data is being migrated 

from one system to another because of new business’s merging and acquiring new systems creating a 

whole host of new heterogeneous data environments (Zhao and Ram, 2006). This then results in data 

losing its initial value as it now needs to be reformatted/ modified in order to fit into the new 

environment. In such environments systems are required to share and exchange information across 

new information systems and sometimes have to operate on a nationwide standard using for example 

a standard master key index for linkage. In support of this Zviran et al. (2000) further expounded by 

saying that there is an urgent need for models and guidelines that must be able to serve as a tool to 

accommodate and support such standardisation of data and data integrity. Øvretveit in (Ritonja & 

Hocevar, 2001), on the other hand not only mentions that there is a dying need to improve healthcare 

quality but also mentions that these tools and methods such as EDM modelling concepts needs to be 

strategically planned and structured in a systematic approach. One reason is that it would simplify the 

incorporation of future data administration processes such as in the case of an organisation wanting to 

implement a new ISO data quality control check into a given migration process. Ritonja’s (2001) 

objective was to use a classification approach as follows: 
 
 accurately record and collect the required data for new developments;

 model healthcare financing;

 plan the organisation of healthcare; and

 model healthcare strategy.
 

 

Based on this approach we can see that the modeling of systems plays yet another critical role in its 

development. By this planning, modeling and strategising approach diagnosis codes, disease 

treatments and other healthcare data have proven both theoretically and practically to add more value 

to business decisions (ibid). 
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Within the planning, standardising and modelling process Zhao et al. (2006) say one of the main 

problems that companies face is to identify the common processes and overlapping data among the 

different data sources. Serrano, Carver and Montes de Oca (2002) agree that there is a problem with 

standardisation of practices used when migrating data but further add that a framework needs to be 

established in order for this to work across different systems. The integration tools used for the 

migration process also differed to Ritonja’s (2001) as it could be used not only for modelling but 

parsing (data cleansing) as well as data mining. 

 

It is therefore evident that a new era of system migration and integration has emerged where there 

exist a lack of best practices and frameworks for managing and migrating data. 

 

With this in mind as well as the findings in section 3.1 Data Administration we have therefore 

summarised that the prime concerns to be investigated and discussed will be around establishing a 

systematic and strategic framework that would be able to facilitate: 
 
1) Data Modelling for the correct understanding, standardisation and integrity of data and processes 
 
2) Data cleansing and Data integration to ensure data operates effectively in its new environment; 
 
and 
 
3) Information sharing to ensure effective execution of the above processes as well as to aid future 

developments and migration projects 

 

One of the main objectives will be to investigate and discuss these steps in a manner that is both 

comprehensive and structured in order that a framework can be developed. We have therefore decided 

to take a broad approach in our discussion. This type of approach would also allow us to apply the 

various methods to our IT solutions case environment in hope that it might be instituted as part of an 

organisations company policy. 

 

3.3  Best Practices for migrating data 
 
By looking at Data Administration in general as well as Data Administration and Healthcare we have 

highlighted the most important aspects of data administration to be data modelling, data cleansing and 

information repository. The following sub-sections will therefore further discuss these approaches in 

more detail as well as illustrate how it relates to the migration process. 
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3.3.1  Enterprise Data Modelling (EDM) 
 
The fact that data modelling is one of the most significant contributions made by and basically sums 

up data administration it is usually the first and most important phase of developments (Mullins, 

2002). An Enterprise Data Model (EDM) is a conceptual model that can represent almost any given 

business and have the ability to handle information from different sources (Rosaci, Terracina and 

Ursino, 2004). A source in this instance refers to real-life objects such as a car, manufacturer, client 

etc. There are two types of data models; one is the conceptual model that is a representation at a very 

high-level and then the logical model that shows the detailed entities/objects, data types, 

relationships, lengths and cardinalities (Mullins, 2002). Most modelling languages provide 

functionality to link these objects by means of relationships, which represents its actual relationship in 

the real-world (Mineau, Missaoui and Godinx, 2000). One of a EDMs’ primary uses is to provide a 

platform of understanding and communication between the system analysts and end-users (Siau and 

Tan, 2005). This is possible through its broad view of a given business that is comprehensive to both 

techies and managers. 

 

Mineau et al. (2000) also mentions that in one language, known as CG formalism, an objects 

behavioural aspect can even be represented. This has proven to be both easier to learn and master 

(ibid). Structural and behavioural representation on its own is however not sufficient if an EDM were 

to be included as part of a larger framework. Niland et al. (2006) suggests that in this case data 

elements and processes will need to be standardised in order to simplify the integration of data from 

multiple sources. Standardisation for data migration is yet another advantage of an EDM where the 

objective should be to discover common threads across different functions and then to define a 

common definition for given entities (Long, 1998). Even though standardisation offers great benefits 

to businesses, agreeing to a single enterprise standard is still a major problem and has been listed as 

one of the biggest challenges in data modelling (Perkins, 2007). 

 

Another important aspect of data modelling is the quality and meaningfulness of what is being 

represented. Niland et al. (2006) gives basic steps to improve healthcare quality in specific: 

 

- Data perspective: describe what information is of interest 
 
- People perspective: describe who develops and use the system 
 
- Procedural perspective: describe how the system functions 
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Once this has been defined then the rest falls into place. Siau’s et al. (2005) however has a different 

approach to improving the quality of conceptual models. The approach taken by them involves 

requirements analysis as follows: 

 

- Requirements specification: understanding the organisation situation as well as the systems needs 

and constraints 
 
- Requirements negotiation: to established and agreement of the systems requirements amongst the 

different stakeholders involved 
 
- Requirements representation: to map real-world needs to the model 
 
- Requirements validation: to ensure that the specification corresponds to the stakeholder 

expectations and conforms to all standards and constraints set by the organisation and its environment 

 

Niland et al. (2006) and Siau’s et al. (2005) approach can be viewed as the most essential pre-steps to 

developing effective data models. We have therefore decided to include this as a pre-requisite to data 

modelling within our framework. This will however not be discussed as a section on its own as we 

view it as part of data modelling and not a separate process. 

 

During the requirements and data modelling phase it is important to deposit all documentation, 

analysis, drafts and other information into a central repository. This will enable the development team 

to always be on the same page (O’Neil, 2006). This will also allow them to better understand the flow 

of the data migration process by better understanding the data models intricate interactions, 

dependencies and other complex behaviours. It would also improve communication between the 

various team members (Perkins, 2007) as well as provide the opportunity for external stakeholders to 

get a better idea of what processes the business is involved in. This flow of depositing and retrieving 

information to and fro a central base should be an ongoing one to always refine and improve 

processes and to facilitate future developments. 

 

Based on the findings in this section the main aspects to data modelling that is to apply to our 

framework is first to identify the necessary requirements for data modelling. The requirements output 

would then form the foundation by providing clear and defined objectives of what needs to be 

modelled; for whom it needs to be modelled; and how it needs to be modelled. This is then 
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transformed into a model that is understandable and usable by both technical (developers etc) and 

management employees. Finally all entities and objects names and definitions are standardised in 

order to ease the migration process. 

 

By identifying critical data and enforcing standardisation at an early stage the process of data 

cleansing becomes less troublesome (Firstlogic, Inc., 1999). This takes us to our next section where 

we show the various steps involved in cleaning data when migrating it, hence improving its overall 

quality. 

 

3.3.2  Data cleansing and integration 
 
Having accurate data has always been one of the biggest challenges in information systems 

(Firstlogic, Inc., 1999). Data cleansing improves the quality of data through a set of critical steps, 

which has been defined by Firstlogic, Inc. (1999) as: 
 
“…three stages: cleansing, matching, and consolidation. In the data cleansing stage, the data is 

parsed, corrected, standardized, and enhanced for accurate matching. In the matching stage, 

comparisons are made within and across your data sources to locate similar information. Finally, the 

matching data elements are consolidated and placed into a data warehouse, data mart, or other data 

storage area.” 

 

The fact that our framework first standardise data in the modelling phase ensures optimal data 

cleansing by reducing the time and effort required. Liem, Wahyudin, & Shatten (2006) however say 

that data cleansing is not a process that should happen quickly, especially during data migration. They 

suggest that data be migrated and cleaned gradually in incremental stages based on its priority. Both 

Atre (2007) and Firstlogic, Inc. (1999) however strongly feels that organisations should first identify 

what data is most important to the business and then provide a set of cleaning criteria for this. This 

therefore supports our framework where the most important requirements for the business model are 

first identified then deposited into the information repository, which can then be made available to the 

data cleansing phase. 

 

Another major problem when cleaning data is duplicate detection (Schallehn, Sattler and Saak, 2003). 

This is most commonly found amongst earlier approaches to integrating data. Here disparate data 

needs to be matched and can only be done so using methods which are restricted to similarity 
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checking based on attribute and derived values. Newer approaches however attempts to analyse real-

life requirements using special matching algorithms, where similarity matching would hardly be 

capable of doing the job (ibid). 

 

One of the more recent approaches is that of Atre’s (2007) that uses a set of data selection criteria to 

check data integrity, precision, accuracy, reliability and data format. Any discrepancies found in this 

process would then be refined and incorporated back into the data model. This interaction between 

data cleansing and expanding the data model is a continuous process of refinement where additional 

discrepancies and inconsistencies are identified and updated back into the data model. This would 

therefore improve cleansing migrated data as it can be verified directly against the models cleansed 

data. 

 

Our framework therefore adopts this methodology of ongoing refinement in order to attain maximum 

results from the migration process. Once again it is of utmost importance to store all information 

gathered during the cleansing/refinement phase into the central information repository so that past 

experiences either be avoided or used if it is of benefit. The repository would also allow us to verify 

whether the data model is up to date with the latest anomalies returned from the data cleansing phase 

in case any is missed. This then takes us to the next section where we discuss the various aspects to 

information repository and how it is interlinked with the various phases. 

 

3.2.3 Information Repository 
 
An information repository is a place where an enterprise generates, stores and disseminates 

information in order to improve productivity, reduce duplication and minimise maintenance costs 

(Perkins, 2007). This information shared can be in the form of documents, databases, audio, video, 

formatted output or any other form of information (Seiner, 2001). Seiners (2001) however say that 

information only becomes manageable, sharable, and reusable if it is recorded or archived somewhere 

and made available. He also say that sharing best practices and establishing consistent processes, such 

as our framework, are two of the biggest contributions of information repositories. Another important 

point he makes is that the exchange of information removes the risk of employees leaving with all the 

knowledge they usually have in their heads. 
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According to Call (2005) this has become the latest trend in databases as well as one of the fastest 

growing areas of corporate spending. He also recommends Kiri Nesbitt’s Essential steps to 

information sharing that focus on satisfying business requirements, improving access and usability as 

well as to strategise ways to reduce duplication, gaps and overlaps. Here we see that implementing an 

information repository strategy will afford us the opportunity to identify gaps and overlaps within the 

migration process at an early stage already. 

 

One of the latest trends to information type repositories is called “Knowledge Capture”, which is a 

Wikipedia version of an information repository (O’Neil, 2006). Here search tools are used where 

simple terms can be entered to perform quick searches, demonstrating to everyone the importance of 

the information exchange. Other advantages facilitate training of new employees as well as victims of 

migration processes. When data is migrated from one system to another it also serves as a medium of 

translation between the two system vocabularies and semantics (ibid). 

 

By incorporating a Knowledge Capture strategy as the underlying part to our framework we will be 

able to create an environment where information is transferred back and forth between all processes 

in an iterative manner in order to ensure that all employees are always using the same standards, 

learning from the same resources and sharing the same information. 

 

Based on our discussions and findings we can therefore now define our framework as one that 

includes: 

 

1.1) Requirements definition for data modelling; the who, what and how of data modelling 
 

- then linking this to the information repository and using its outputs as input to data modelling 

1.2) the actual Data modelling phase focusing on comprehensiveness and standardisation 
 
- then linking this to the information repository and using its outputs as input to data cleansing and 

integration 
 
2) Data cleansing and integration phase using a set of criteria on selected business data 
 
- then linking this to the information repository and using its outputs as input back into the data 

modelling phase 

3) the underlying information repository based on a knowledge capture approach 
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- interlinking this to all phases in an iterative manner for storing, sharing and disseminating 

information. 
 
The proposed framework as seen in figure 1. 
 

 

See Appendix 
 

 

It is important to note that our framework is defined within the parameters of this study so that we 

may apply it to our Healthcare case. The framework can be further expanded by means of an 

empirical study that is out of the scope of this article. 

 

4.  IT Solutions Case 
 

4.1 Background 
 
IT companies who provide Medical aid administrators with new IT systems often require improving 

data administration processes when migrating legacy data from the old system to the new system. 

This migration process is also referred to as the take-on process where standard guidelines and data 

strategies are often neglected or overlooked. This is one of the primary reasons for take-on projects to 

fall behind schedule exerting unnecessary time and effort (personal interview, June 1, 2007). 

 

IT solutions
1
 is one such company that offers the latest IT systems, technology and backend support 

to medical aid administrators. A typical take-on process would require data to be moved across from 

the medical administrator’s legacy system to the new IT system as shown in fig.1 where IT Solutions 

is involved in most of the migration process. 

 

Client: A medical aid administrator that administers a host of medical schemes/aids. These 

administrators operates in the private sector and offers services to their medical schemes such as 

membership management, claims assessing, health risk management as well as other insurance and 

fund related management. These services are provided in order to optimise on resources as well as to 

improve the overall quality of member and fund management. 

 

IT Solutions: A backend leading IT company in the healthcare funding industry providing cutting 

edge IT systems as well as support, development and maintenance to healthcare administrators. The 

IT system is capable of dealing with claims assessing, rules, premium-raising algorithms as well as 
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other financial processing. The system also incorporates real-time switching technology and 

electronic claims processing (EDI). This enables Healthcare administrators to thus improve the way 

they communicate with their stakeholders. 

 

Third Party: A separate entity who specialises in the managing of health information such as 

performing membership eligibility, claims duplication, data warehousing and other checks. The Third 

party would be responsible for switching claims between the pharmacies/doctors and IT backend 

company. They are also responsible for providing the EDI files and other batch related files to IT 

Solutions for processing. They would typically function as the middle-man between information 

coming from outside sources and IT solutions (Administrator system) by means of interfaces. 
 
IT Solutions and the Third party would most likely be the primary beneficiaries of this research. Steps 

in the migration include: 
 
1) The Client, in this case being the Medical aid administrator company, would provide the 

necessary data from their Legacy systems to a third party. The Third parties would be responsible for 

the data handover to the new IT backend company to be loaded on the new system. 
 
2) The Third party in collaboration with the IT solutions would arrange and agree upon certain 

procedures and methods to transfer the data successfully. The data is usually handed over to IT 

solutions in stages where there is first a set of test run data and then the live run data. This can either 

be transferred via a file transfer protocol (ftp) or be put on a digital video disc (DVD). 

3) IT solutions would then allocate data sets to the appropriate resources, who inturn would extract, 

transform and load (ETL) the data at the relevant locations on the new system. They also need to 

ensure that it integrates and operates efficiently with the new system data and processes. 

 

By means of an interview, conducted with one of IT solutions developers, we were able to identify 

the most common issues raised during migration projects (personal interview, June 1, 2007), this 

included: 
 
- misunderstandings of the new IT system and its requirements 
 
- unstructured procedures leading to duplication of processes 
 
- ineffective communication networks resulting in missing files and duplication of data 
 
- erroneous data and files 
 
- certain types of data that can either not be accommodated for or have different formats 
 
- no central point for information sharing and future knowledge transfer 
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It is important to bear in mind that the issues raised here may not be confined to a Medical aid take-

on/migration project only and could well be common in almost every IT support company (Strong, 

Lee, and Wang, 1997). The following sections will look at the application of the literature review to 

the case and attempt to show how using best practice data administration techniques can improve 

such projects. 

 

4.2 Applying EDM 
 
The first step in applying our framework is data modelling where we first perform the requirements 

analysis asking who, what and how questions of modelling. By doing this we realise that the IT 

Solutions administrator system needs to be modelled in a way that is understandable to both end-users 

(CLIENT) and IT Solutions and at the same time to clearly illustrate all membership and funding 

processes, relationships and functionalities. This allows the medical aid administrator to immediately 

identify and understand how their data is to operate and function with the new business processes. It 

also removes any misunderstandings between stakeholders, serving as a platform for communication. 

Following Niland et al.’s (2006) advice, enforcing standard definitions ensures consistency and data 

integrity across both IT Solutions and Legacy system data. During this phase all information gathered 

from the requirement analysis and EDM development is deposited into the information repository. 

Here information can be accessed by any resource to refine current or future processes. 

 

Above all IT solutions will be able to use the EDM and information repository as a life-long tool to: 
 
- Facilitate future migrations 
 
- Guide developers and other employees in the extraction and integration process 
 
- Simplify the incorporation of new business and administration processes 
 

 

4.3 Applying Data cleansing and integration 
 
Based on the EDM and repository outputs from the previous phase it becomes easier to identify what 

data is pertinent to the medical aid administrator needs. This provides a starting point for cleansing 

and integrating our data as per Atre (2007) and Firstlogic, Inc. (1999) recommendations. The next 

step is to use Atre’s (2007) set of migration criteria to validate data integrity, precision, accuracy, 

reliability and data format. The process decided on includes: 
 
- Creating similar subsets of the critical data 
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- To extract and migrate portions of data incrementally, following Liem et al.’s (2006) advice 
 
- To clean this data based on Firstlogic, Inc. (1999) special algorithms 
 
- To match this data and check for any redundancies; and 
 
- Finally to consolidate the data in the relevant locations on the new systems, following Firstlogic, 

Inc. (1999) techniques 

 

The cleansing process is an iterative one where discrepancies and inconsistencies are updated back 

into the EDM then standardised once again with the rest of the model data. This process between the 

data model and cleansing phase would happen iteratively until all criteria have been met. This allows 

any new data being migrated to be verified directly against the EDM data and loaded into the 

appropriate locations on the new system instead of going through the cleansing phase again. This also 

alleviates previous problems experienced around missing files, duplication of data, erroneous data 

and unnecessary data. 
 
All information gathered during this phase is deposited into the central repository to serve as ongoing 

guidance as well as to optimise on the time and effort needed for future migrations. 

 

4.4 Applying a Information Repository strategy 
 
The strategy should follow a “Knowledge Capture” approach and implemented as a central 

information repository across all IT Solution processes. It should be linked iteratively so that each 

phase can benefit and complement one another. A Knowledge Capture style also provides a quick 

search tool, which should also increase the interest of IT Solution employees to participate in the 

strategies aims and objectives. This would also allow us to identify any gaps of misunderstandings 

between the given parties. A central repository also reduces the rate of overlapping data from 

different sources by maintaining standard formats and standard definition. 

 

This also serves as initial training grounds for new comers to IT Solutions or anybody who might 

need reference to the different vocabularies and semantics used between the different machines being 

migrated to. An information repository strategy therefore plays a crucial underlying role in our 

framework as it is interlinked with all phases that are also dependant on it. 
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5. Conclusions 
 
In this study we showed the imperative role data administration plays in the management of data. This 

we especially demonstrated in Healthcare where the increase of heterogeneous environments and data 

migration is becoming a prime concern. Our approach first identified key best practices for migrating 

data by looking at data administration in general then data administration in healthcare. The core and 

most fundamental practices discovered included the requirements analysis and creation of data 

models that used standard definitions and could communicate processes between end-users and IT; 

data cleansing techniques that used a specific set of criteria for selected business data; and 

information repository strategies that could be used to enhance projects and at the same time 

encourage employees to participate. We then took on a unique style by incorporating these best 

practices into a comprehensive framework, which we then further explained and applied to a real-life 

medical aid administrator environment. The development and application of our data administration 

framework is unique in that it represents an entire data administration architecture including its 

process flows and how it could not only benefit data migration projects but any IT project at that. 

Based on this research we hope to have proved the importance of data administration required for 

migrations and other projects and also to have changed the perceptions that many companies have on 

data administration. 

 

6. Limitations and Future work 
 
Our research is limited firstly because it looks at data administration on a high level. Secondly, 

because our framework is only defined within the parameters of our case study and requires further 

expansion by means of an empirical study. Lastly, because the framework was only applied 

theoretically and still needs to be put into practice. Future work in this area therefore requires an in 

depth study of our framework, its components and process flows as well as to institute this as a pilot-

run within IT Solutions migration projects. 
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